
“One in ten interactions automated” sounds like a small number—until you picture the work behind it. In a
support team handling 10,000 customer conversations a month, it could mean 1,000 interactions are resolved
without a person stepping in. That might be a caller checking an order, a customer changing an appointment in an
app, or someone getting a clear answer about a refund policy.

But the number needs context. Does “automated” mean the customer got a complete answer and left satisfied? Or
that a bot answered first, then transferred the conversation to an agent? Those are very different outcomes. A
useful automation rate measures completed customer needs, not just conversations that touched a bot.

For support leaders considering voice AI, the practical question is not “Can we automate ten percent?” It is: which
ten percent, under what conditions, and what happens when the system gets it wrong?

Start with a clear definition of automation rate
Automation rate is often calculated as the share of eligible support interactions that an automated system resolves
without human assistance. The word “eligible” matters. A password reset or store-hours question may be suitable
for automation; a disputed charge or distressed customer may not be.

Teams should also distinguish between a few related measures:

Containment rate: the share of conversations that stay with the automated system. This does not prove the
issue was resolved.

Call deflection: the share of calls that move to another channel or are avoided altogether, such as when a
caller completes a task in an app.

Resolution rate: the share of customer needs successfully completed, whether by automation or a person.

Transfer rate: the share of automated conversations handed off to a human agent.

For example, suppose 1,000 people contact support about delivery status. An automated voice agent answers
700. Of those, 500 receive accurate updates and end the conversation; 150 ask for an agent; and 50 hang up after
repeating themselves. Reporting “70% automated” would obscure the 50 failed experiences. A better view
separates successful resolution, escalation, and abandonment.

Measure What it tells you What it can hide Automation rate How much eligible work automation completes
Whether customers were satisfied or the answer was correct Call deflection Whether a call was avoided or shifted
elsewhere Whether the customer still had to do extra work Transfer rate How often a person needs to take over
Whether the handoff included useful context Repeat-contact rate Whether customers come back about the same
issue Which part of the experience caused the repeat

Why You Should old IVR and scripted chatbots wear people down
Traditional interactive voice response (IVR) systems are designed around menus: “Press one for billing. Press two
for technical support.” They can route predictable calls, but they make customers translate their problem into the
company’s categories. That is a poor fit when the customer is in a hurry, unsure what the issue is called, or using a
phone with a broken keypad.

Scripted chatbots often create a similar problem in text. They recognize a narrow set of phrases, ask customers to
choose from limited options, and loop when a request falls outside the script. “I need to change the delivery



address” may be treated as a tracking question because both mention a delivery. The customer then has to restate
the problem—or find a human.

One entry in my personal “bad IVR moments” notes is the familiar instruction to “say one of the following
options,” followed by a list that does not include the reason I called. Another is being asked to repeat account
details after a transfer, as if the first part of the conversation never happened. Exactly.. These are not minor
annoyances when someone is calling about a time-sensitive or stressful issue.

The underlying limitation is not that menus are always useless. A simple menu can be fast and accessible when it
routes callers to the right team. The problem is relying on rigid scripts for conversations that need clarification,
correction, or a change of direction. Good automation should reduce effort, not make the customer learn the
system’s preferred vocabulary.

What changed in AI voice quality and conversation handling
Modern voice systems can combine speech recognition, language understanding, and natural-sounding speech
generation. That changes the interaction from “listen to options, then choose” to a more flexible exchange: a
customer describes what they need, the system asks a relevant follow-up, and it either completes the task or
routes the conversation with context.

Voice quality has improved, too. Text-to-speech (TTS) can produce speech with more natural pacing, pronunciation,
and intonation than the flat, synthetic voices many people associate with phone trees. That can make information
easier to follow. It should not be used to imply that an AI is a human. Customers deserve a clear introduction and
a straightforward way to reach a person.

Better audio is only one piece of the experience. A voice agent also needs to handle normal conversational
messiness: pauses, corrections, background noise, unexpected answers, and people interrupting mid-sentence. In
testing, I deliberately talk over an agent to see whether it stops, listens, and responds to the interruption—or
finishes its script regardless. If it cannot recover from “Wait, that’s not what I meant,” a polished voice will not save
the interaction.

Language models can help interpret varied wording and choose a useful next step, but they are not a substitute
for reliable business rules or access to accurate systems. A model that can discuss a return policy still needs a
trusted source for the customer’s order status and the company’s actual eligibility rules.



How TTS, ASR, and language models work together
A voice agent is not one feature. It is a chain of components that turns spoken input into an action and then back
into speech:

1. Automatic speech recognition (ASR) converts incoming audio into text. It must cope with accents, noisy
environments, different speaking speeds, and names or numbers that may be easy to mishear.

2. A language model or dialogue layer interprets the request, tracks conversational context, asks clarifying
questions, and decides whether the system can proceed. It should be constrained by policies and approved
sources of information.

3. Business integrations retrieve or update information, such as a delivery estimate or appointment time.
Access should be limited to the tools and data the agent needs.

4. Text-to-speech (TTS) turns the response into spoken audio. The wording and delivery should be easy to
understand, with a sensible pace and no unnecessary monologue.

5. Escalation and recovery hand the interaction to a person when confidence is low, the request is sensitive, or
the customer asks for help. The agent should pass along what has already been understood.

Every link can fail. ASR may mishear an account number. The dialogue layer may misunderstand intent. An
integration may be unavailable. TTS may pronounce a reference number unclearly. A robust design gives the
customer a chance to correct critical details, confirms consequential actions, and offers a human handoff instead of
guessing.

What one in ten interactions could look like in an ordinary week
Imagine a retailer that receives 1,000 eligible support interactions a week. It does not try to automate every
question. Instead, it starts with a few frequent, bounded tasks that have clear answers and safe completion steps.

Customer need Possible automated experience When to hand off Check delivery status Verify the customer,
retrieve the latest tracking event, and summarize the estimate The order cannot be found or the delivery is
significantly delayed Change an appointment Offer available times and confirm the selected change No suitable
time is available or the request falls outside policy Ask about a return Explain the policy and check whether the
order appears eligible The item is disputed, damaged, or subject to an exception Find a store’s hours Provide hours
for the requested location The location is unclear or the information is unavailable

Say 100 of those 1,000 interactions are resolved end to end by automation. That is one in ten, even if the system
answers more than 100 conversations along the way. The distinction matters: the target is not to keep customers
away from support staffing at any cost. It is to resolve suitable needs efficiently while keeping people available for
exceptions and complex cases.

In day-to-day operations, that could mean fewer agents spending time reading tracking updates aloud, and more
time handling a damaged order, an unusual billing issue, or a customer who needs reassurance. The impact on
support staffing depends on the volume, task mix, quality, and how the organization uses the capacity it frees up.
Automation does not automatically mean fewer staff; it may instead reduce queue pressure or give agents more
time per complex case.

Why mobile apps are a natural channel
A mobile app can give an automated interaction useful context without asking the customer to start from scratch.
In an authenticated app, a customer may already be signed in, looking at a particular order, or viewing an



appointment. With consent and appropriate permissions, the support experience can begin from that context: “Are
you asking about the order on this screen?” That is more direct than making the customer explain which purchase
they mean.

The app can also provide visual confirmation while the customer speaks. A voice agent might read back a
proposed appointment time while showing it on screen, or send a status card instead of reciting a long tracking
history. These options make the voice interaction shorter and can help customers verify details before they act.

On iOS, an app-based experience can fit naturally into the customer’s existing mobile workflow: open support from
an order page, speak rather than type, and continue with a clear summary or next step. The ElevenLabs iOS App is
one reference point for experiencing AI voice on an iPhone. It is not, by itself, a customer-support deployment;
businesses still need to connect the experience to their own identity, systems, policies, and escalation paths.

Identity is useful, but it is not permission to access everything. free AI voice generator Customers should
understand what information is used, what the app is listening for, and when audio or transcripts are stored.
Product teams should explain retention periods, obtain consent where required, restrict access, and make it
possible to use another support channel. Convenience should not depend on silently collecting more data than
the task requires.

Where companies and market research fit
Interest in conversational AI is part of a wider shift in customer service and software. Gartner and Grand View
Research publish research and market analysis that can help teams understand industry trends and categories.

Their coverage can be useful for framing a business discussion, but a market forecast is not evidence that a
particular voice agent will improve your customer experience. That has to be tested against your own calls, users,
and operational requirements.

For a support leader, the more useful starting point is local evidence: call reasons, repeat contacts, transfer
patterns, customer feedback, and the time agents spend on routine tasks. Those details reveal where a small,
dependable automation project may help—and where the apparent opportunity is actually a high-risk edge case.

How to pilot one in ten responsibly
A sensible pilot begins with a narrow use case and a clear fallback. For example, an organization might automate
delivery-status requests for authenticated customers, while routing missing orders and disputed deliveries to an
agent. It should define success before launch, then review real conversations rather than relying only on a
dashboard.

Choose a bounded task: Start with a frequent request that has a reliable data source and a clear definition
of completion.

Set a human route: Let customers request an agent, and escalate when the system is uncertain or the
situation falls outside policy.

Measure the full journey: Track resolution, transfers, repeat contacts, abandonment, customer feedback, and
time to answer—not just containment.

Test interruptions: Try corrections, silence, background noise, unexpected questions, and people talking over
the agent.

Review privacy and access: Document consent, data use, retention, deletion, and the systems the agent can
reach.

https://www.mobileappdaily.com/knowledge-hub/ai-voice-agents-replacing-ivr-and-chatbots


Improve from failures: Read transcripts or listen to recordings under appropriate safeguards, identify
recurring breakdowns, and update the flow.

The practical meaning of ten percent
One in ten interactions automated should not mean ten percent of customers are forced through a bot. It means
a carefully selected share of support needs can be completed reliably without a person, with a quick and respectful
route to human help when that is the better answer.

Here's what kills me: done well, automation can make routine service faster, support call deflection where
customers genuinely prefer another route, and give support staffing more room to focus on complicated
conversations. Done poorly, it adds a voice to the queue and makes people repeat themselves. The difference is
not whether the agent sounds convincing. It is whether it understands the request, takes only authorized actions,
handles interruption, admits uncertainty, and gets the customer to a useful outcome.


